Extensions & summary




Sparsity of documents
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Sparsity of topics

Sparse prior on ®
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Topics correlation

Logistic normal distribution

p(0a) ~ PN (p, X))
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Dynamic Topic Model
p(BL"|Bf,) ~ N (B, 0I)

&7t = Softmax[B7, ]
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[Blei, Lafferty “Dynamic Topic Models “,
https://mimno.infosci.cornell.edu/info6
150/readings/dynamic_topic_models:p

df]




Summary

Many topics are interpretable

Works well with rare words

Fast even for huge text collections
Multicore & distributed implementations

Many features can be added with extensions




